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What data scientists spend the most time doing

® Building training sets: 3%
® (Cleaning and organizing data: 60%
® (Collecting data sets; 19%
Mining data for patterns: 9%
® Refining algorithms; 4%

® Other: 5%

CrowdFlower 2016 Data Science Report
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What's the least enjoyable part of data science?

® Building training sets: 10%
® (Cleaning and organizing data: 57%
® (Collecting data sets: 21%
Mining data for patterns: 3%
® Refining algorithms: 4%

® Other: 5%

CrowdFlower 2016 Data Science Report
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Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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H}O| O A Bias
Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005

=8 SHIO| 22l A LA o= $HM Y 22 KX H2 H3SA7 E2 0
JEE0M AgE oK2] 8% 1g0] tiet 58 B2 1.0010|H O] 58 FH|0l=0.001
2| HIO|O{ AT ZHE|0] Ue= &+ US

Angular velocity
. Ang vel x .ﬁ.ng vel ¥ Ll . Ang vel Z

P T T LT T T L LR LT R LT EEERL LR CRLIIEE PETIEETRRERTEE

”U'*WU“J;” U\JV NU;W ‘“”"u’ VU ”L{“ l f"}f '“”n' ! ‘“H A VL’UHIH 'Jlf‘u'h' U W'Lf W'u“’ U <

deq/s
[am]

107,200 - 108,200 1009, 200 110,200 11,200 112200
Time

https://base.xsens.com/hc/en-us/articles/209611089-Understanding-Sensor-Bias-offset-

Yrsuanlab 15

- OI0|E| X 2|(Data Preprocessing) - 02 H|O|E| HX{2| 7|



L~
X 8} - Accuracy
o= Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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Multivariate Outlier Example
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7E=| = XI Missing values
L Pang-Ning Tan et al, Introduction to Data Mining, Addison-Wesley, 2005
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First Mame Last Name  City

John Barrow London
Aaron Gomez Manchester
Ralph Johnson Mewcastle
Maonica Robert Plymouth
Craig Miller Leicester
Paul Martin Manchester
Claire Rudolf London

Eric Plymouth Birmingham
Monica Robert Plymouth
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22
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to/article/excel-2016/127/remove-duplicate-data.html
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https://en.wikipedia.org/wiki/Data_transformation
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https://bdataanalytics.biomedcentral.com/articles/10.1186/s41044-016-0014-0
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